1% F£7H 2 B8 it E M5 M A
Vol.11 No.7

2021 £ 7 A

Intelligent Computer and Applications Jul. 2021

HESES: TP

— RIS ST B R M E R

FAH, aE, %I’
(1 BB/RIETE N+ AdE, BRE 150001; 2 BRETI K &R, IA/RIE 150001)

B AR B AR ORI DGR TR H T M — P B A 1, A B AL BUETIE A SRR T R
P H AT A LT V5 IR A O, 2800054 ) SRR AR~ ) F b AR SCER Y T B9 LA 2 ) 35 D P i
HOA A BRI T SO T IR S5, ko o) B B Al i RN A RO B B 2R, ARSCRITE 5 E R I 22 ) E 17 R
i, ST A AR JE SR A A S A7 ) AR R R PR . b — Dt (B 2% rh Y P2P A LA 42 T
AN 5 T Al AT A RSB 5 B P2P RS B Jn A R B MR GEHEAT T HI BO B Kk BT B P
B E AR AR S

KB ELAT VA BEAH, e H oL p2p s

Design of learner—centered smart education model
WANG Dandan', SUN Bowen’, XU Hanchuan®

XEHS: 2095-2163(2021)07-0129-06 MRS A

(1 Harbin 49" Middle School, Harbin 150001, China; 2 Faculty of Computing, Harbin Institute of Technology,
Harbin 150001, China)

[ Abstract] In recent years, with the rise of intelligent technology, online education, as a new education model, is also changing
to smart, innovative, and personalized models. Considering the resource distribution of the existing online education platforms—most
of the learning resources are in the hands of learners, this article proposes a new learner — centered smart education model,
emphasizing that all resources are serving learners, so that the learners” learning process is not constrained by limited platform
resources. At the same time, on the basis of the accumulated learner behavior data of the platform, a personalized model is
established for learners, and personalized dynamic learning path planning and resource recommendation are provided. Further, with
the help of the idea of P2P mode in the network, a feasible specific implementation method of the new mode application scenario is
proposed, that is, P2P recommendation. Finally, the overall platform and system are preliminarily designed, integrating online and
offline resources to provide services for learners.
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Fig. 1 “platform—centric” learning mode
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Fig. 3 P2P recommendation method application scenarios
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Fig. 5 Implementation of the Push recommendation mode
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