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product development based on cluster analysis
YUAN Bingxia
(Huizhou University, Huizhou Guangdong 516007, China)

[ Abstract] Artificial intelligence products have been widely used in social life, promoting the development and progress of
technology, but also brings a certain security risk. Accurate assessment of the development risk of artificial intelligence products can
provide a good reference for its sustainable development. Therefore, a risk assessment method of Al product development based on
cluster analysis is proposed. Firstly, the association map of the current application range of artificial intelligence products is designed
in the form of subject words, and the key features of the development of artificial intelligence products are extracted. Secondly, the
high—frequency subject words applied in the development of products are deeply extracted according to the characteristics of product
development, and combined with the possible risk factors in the development process, they are clustered to realize the risk
assessment of the development of artificial intelligence products. Experiments show that there are some risks in the development of
Al products, and the cluster analysis method can accurately evaluate the development risk.
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def calcluate_distance(core: tuple, dot: tuple) :
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Fig. 1 Correlation map
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Fig. 2 Feature extraction process of Rough Set
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Tab. 1 Risk assessment indicators for artificial intelligence product

development
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Tab. 2 Comparison of root mean square error of three methods
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Fig. 3 Comparison of time among three methods
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