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Image stitching algorithm and system design based on multi-feature optimization
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[ Abstract] The bridge inspection program based on drones can reduce labor, avoid safety hazards, and improve efficiency. In
order to solve the contradiction between the real-time image splicing and the splicing quality in the system, this paper proposes an
image splicing algorithm based on multi —feature optimization. The algorithm has also designed and developed a set of image
collection and splicing subsystems based on UAV bridge inspection. First, simple features are used to quickly screen the image
stream, and then complex features are used to maintain accuracy and improve the robustness of the system. Finally, the image
mosaic quality is adjusted through performance indicators. In the experiment, for the processing speed, accuracy and robustness and
other factors, the algorithm in this paper reaches an average feature extraction accuracy of 83.34%. After adjusting the system

performance indicators, image stitching has achieved satisfactory results and has certain practical value.
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Fig. 1 Schematic diagram of FAST feature points
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Fig. 6 Comparison of the extracted number of feature points
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