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[ Abstract] In the process of gesture recognition, the diversity and complexity of gestures will have a greater impact on the
reliability and accuracy of recognition. Vision—based gesture recognition usually adopts a single feature for gesture classification, but
a single feature cannot describe the entire image well. Therefore, this paper proposes a variety of feature fusion methods,
respectively extracting the improved histogram of gradient (HOG) features and MB-LBP features, and performing feature fusion,
combined with SVM classifier to complete the recognition of gesture images. Experimental results show that the extracted fusion
features include the local area gradient information of the gesture image and the texture information of the image, which can describe
the gesture features of the image more comprehensively. Compared with the single feature recognition method, the method based on
feature fusion has a higher recognition rate.
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Fig. 1 Algorithm flow chart
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Fig. 2 Image preprocessing
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Fig. 3 Schematic diagram of LBP and MB-LBP
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Fig. 4 Part of the gesture images
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Fig. 5 Recognition rate under different differential variables
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Fig. 7 Algorithm comparison
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Tab. 1 The average recognition rate of the algorithm

Tk it/ 5k walak PR %

HOG 619 536 86.59

LBP 619 513 82.88
AL 619 571 92.25

H12 1 A nl 0, fiff FH B — 4RI Y HOG HF#AiF DT
BCSA A LBP 47 A1 DG e 553 1) U0 v i 2 40 531 oy
86.59% F 82.88%AHXTHA, H HOG FHAE P RC AR %18
ST LBP FRAEDCRCEE LR A T A o
—FHIERY HOG F#AEDCEC AT LBP AR VT AL 5L, A SC
AR ERA 2 L 43 4 5 5.66% F19.37% , ik 5
92.25% , ik J T F X FAEUR RN R

3 HRIE

B X B — R AIE il A8 T e (R A A SR B A2 ] A8
P —Fh I T RMERL G 0 F SO T . SRR
TR EMG Sk 1 2 B 053 B9 HOG FEAIE FIT MB —
LBP SR K 2 FRRHIERLA IS 456 SVM 432548
AT SEI S SR WA SCAR I AT LI -4
UL S BURS B AR 1], TR 3 E 0 Rk 31 92.25% , 18T
HABFFER 7, (R TFEN M, ER
R TAE PR 2o 03 5 | AN W] R0 A A Atk
— T, SR TF AR A AR

[1] ZEKEE, T4 WG BB, 5. 2% (R 340 g0 52 b g A ML L4 R
ZER[T]. TR ML B i it 5 BB 2% 2% 4, 2021, 33 (3) . 321 -
332.

[2] AR, %A, RIS, 5. 2T unity Al kinect )38 F-#H
BT ERG BT SB[ 1], HE LR 544, 2016, 24
(5) :156-159. (TR 221 1)



