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A visual SLAM semi-dense mapping method on monocular camera
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[ Abstract] Simultaneous Localization and Mapping ( SLAM) is the hot spot of Robots and Computer Vision. Visual SLAM had
made a breakthrough since 21st century and applied to the market. Mapping is one of the targets of SLAM. Given location and poses
of the monocular camera, the paper proposes a Visual SLAM semi—dense mapping method. Using searching on the epipolar line and
block—matching, image transformation and inverse depth filter have been used in order to avoid depending on textures and large
amounts of calculation. In this way, the accuracy and robustness of semi-dense mapping has been improved. From the testing
result, the improved visual SLAM semi-dense mapping method on monocular camera has a better performance on gradient detecting
of pixels. The average error and square error on depth estimation decrease about 9% and 47% . It is a feasible and effective solution
to rebuild semi—dense mapping on monocular camera.
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