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A visual model of authorship attribution based on fastText
LI Xiao, GU Changgui, YANG Leixin, LU Qiling
(Business School, University of Shanghai for Science and Technology, Shanghai 200093, China)

[ Abstract] Some methods are based on sliding window and machine learning, which can determine the authorship attribution of
text. However, these methods require careful selection of text features, and different text features may affect the outcome of the
authorship attribution. In response to the above problems, this paper proposes a model based on fastText classification to determine
authorship attribution. The model incorporates the idea of the sliding window, introduces word ( character) vectors and data
enhancement technology, so as to make full use of text information and extract text features automatically, and presents the results in
a manner of visualization. Finally, this paper uses the model to detect the authorship attribution of { A Dream of Red Mansions) and
{Roman de la Rose). The experimental results show that the first 80 chapters and the last 40 chapters of { A Dream of Red
Mansions) are written by different authors, the opening 4 058 lines ( approximately 50 000 words) and the following 17 724 lines
(approximately 218 000 words) of { Roman de la Rose) are written by different authors. It is proved that this model is effective to
determine the authorship attribution.

[ Key words] sliding window ; authorship attribution; fast text classifier; data enhancement technology; visualization
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