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Preset instructions and assignments in
government office automation system based on artificial intelligence

LI Jiaming

( Guangdong Environmental Information Center, Guangzhou 510220, China)

[ Abstract] Artificial Intelligence technology, especially machine learning branch, has been widely used in many fields. The paper

researches some machine learning technologies about text processing with 10 years accumulated sample data in a government office

to build models. The “central node” in the system implements the preset of instructions and assignments.
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Fig. 1 Model initial training process chart
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Fig. 2 Monitoring of model training
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Fig. 3 UI of text classifier model training
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