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Prediction of position salary based on random forest algorithm

PENG Yichun, ZHANG Jie, QIN Zuoshi
(School of Computer Science and Engineering, Yulin Normal University, Yulin Guangxi 537000, China)

[ Abstract] The crawler technology is used to obtain the recruitment information of the current mainstream recruitment websites.
After the data is cleaned and standardized, the Python language is used to apply linear regression, support vector machine (SVM) ,
decision tree, random forest and other algorithms to complete the training, according to the average absolute error, mean square

error and R square error, the random forest algorithm is the best, and the random forest algorithm is used to construct the prediction
model of job salary. The algorithm of random forest can provide a reasonable and scientific reference for job seekers to publish

recruitment information and search for suitable positions, which can greatly improve the success rate of recruitment.
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Fig. 1 Flow chart of random forest construction
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Tab. 1 Comparison of training scores of four models on different

format data
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Fig. 2 Comparison of regression results for the three algorithms
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Tab. 3  Comparison of evaluation indicators before and after
parameter tuning
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Fig. 4 Learning curve of model before and after parameter tuning
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Tab. 4 The importance and weight of each feature in salary
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