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Human factors risk analysis method of subway drivers” driving work
based on Bayesian network
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[ Abstract] With the rapid development of subway industry, the safety of subway operation frequently appears problems. This
paper proposes a human factor risk analysis method for metro drivers based on Bayesian network, which can provide help for the
safety of subway operation. Firstly, the professional Bayesian network analysis software Netica is used to construct the initial
Bayesian network model. The training sample database suitable for Bayesian network learning is obtained by preprocessing the
original database. By using the data autonomous learning function of Netica software, the training sample data is imported into
Bayesian network. Through learning the training data, the self—correction of its parameter probability is completed. Finally, taking
the metro driver’s operation of " the main train performing the patrol operation" as an example, the modified Bayesian network
model is used to analyze the human factor risk, and then the feasibility and practicability of the human factor risk analysis method is
proved.
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Fig. 1  Distribution of the number of job items in each post in

subway operation
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Fig. 2 Event tree for mainline trains performing patrol operations
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Fig. 3 Bayesian network topology structure of main line trains performing patrol operation
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Fig. 6 Revised Bayesian network model of main line trains performing patrol operation
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