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[ Abstract] For risk measurement, as the most practical tool and its measurement method, VaR has been paid more and more

attention by investors, recently. Based on a variety of different assumptions, empirical analysis concluded that the weighted historical
simulation method with sliding window of 250 can measure VaR well at 1% confidence level and the NGARCH model based on
normal distribution at 5% confidence level. Finally, through the combination of GARCH model, EVT model and Monte Carlo
model, this paper puts forward a new measurement method for future VaR and gives risk managers more intuitive investment advice.
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Fig. 1 Yield time series
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Tab. 1 Measured results of HS and WHS methods
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Tab. 3 Measurement effect under different assumptions of NGARCH
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Tab. 4 VaR forecast results of different models on the next day
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