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Research on the Application of Histogram Equalization Algorithm

in the Gray Standardization of Expression Images
ZHANG Dawei

(Telecom Department of Beihai Vocational College, Beihai Guangxi 536000, China)

[ Abstract] Due to the different environment and uneven light in human—computer interaction, the face expression images collected

by computer will have uneven brightness, which has a great impact on the accuracy of image expression extraction. Histogram

equalization is an algorithm in grayscale transformation, which expands the range of the grayscale value of the image, enhances the

contrast of the image, and evenly distributes the grayscale in the image, so as to obtain a better expression analysis area. In this

paper, based on the collected face images, the application of histogram equalization algorithm in image gray standardization is

studied to improve the accuracy of expression image extraction.
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Fig. 3 Gray normalization process
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Fig. 4 Original image and histogram
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Fig. 5 Grayscale image and histogram
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