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Microblogging Spam Recognition Based on Co-Training Algorithm
CAO Chunping, YANG Qinglin

(School of Optical-Electrical and Computer Engineering, University of Shanghai for Science and Technology,
Shanghai 200093, China)

[ Abstract] There are a lot of spam comments on microblog, which will bring adverse effects. How to identify spam comments has
become a hot topic. In this paper, a semi supervised collaborative training algorithm is proposed to solve the problem that it is
difficult to obtain large—scale annotated data sets under the framework of supervised learning and the identification of spam comments
is not accurate. This method constructs an index system from two views of comment text and comment user. Each view uses seven
classification methods to select the base classifier for collaborative training to complete the recognition of microblog spam comments.
The experimental results show that the cooperative training algorithm has better recognition performance.
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Fig. 1 Microblog spam comment recognition process
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Tab. 1 Characteristic index set
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Fig. 2 The overall accuracy of classifiers on different view features
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