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Diagnosis Model of Ischemic Stroke
based on LSTM with Multi-Feature Combination
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[ Abstract] Taking ischemic stroke as the research object, a diagnosis model based on LSTM with multi—feature combination was
proposed. Considering the pathogenesis of the disease, three characteristics of the patients were selected: ultrasound, biochemistry
and basic information; based on the LSTM ( long short—term memory) model, three bidirectional LSTM feature extraction sub
models were constructed to jointly train and learn the forward and backward information of various types of data; the relevance
between the learning characteristics of self—attention mechanism was increased and the weight was allocated. The experimental results
show that the multi - feature model based on self —attention mechanism has the advantages in different classification evaluation
criteria, which can reach 84%. The method for the clinical diagnosis of ischemic stroke was proved effective and could be used as a
reference for doctors in differential diagnosis of the disease.
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Fig. 3 Submodule of feature extraction for biochemical examination
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