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[ Abstract] The system studied in this paper is built on the Hadoop platform. Through Flume-Kafka technology, it can carry out
data cleaning, data analysis and data mining of tens of billions of data every day. After data consumption is completed, the analyzed
data is put into the database, and a simulated BI front-end system is established through Webserver technology, and data is
displayed according to the dimensions of mobile phone number, time, call duration, etc.

To define users from multiple angles for telecom operators, to form user portrait, to provide data support for the establishment

of decision system.
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Fig. 1 Overall system architecture diagram
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Fig. 2 Flow chart of consumption storage module
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Fig. 3 Multi—chart presentation diagram
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