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Table detection algorithm based on Faster-RCNN
MA Zhiyuan', YU Su’

(1 School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China;
2 Engineering Training Center, Shanghai University of Engineering Science, Shanghai201620, China)

[ Abstract] In order to identify the table in the document image more quickly and accurately, make a foundation for the table
information extraction. This paper using the OpenCV image processing tools to preprocess the document images containing tables,
then uses the Labelme labeling tool to mark the position of the table in the picture, and the image data set is divided into training
data and verification data set according to the ratio of 4.1, finally, the Tensorflow deep learning tool is used to train the table
recognition model and the target detection framework of Faster —RCNN is adopted. The trained model was validated with the
validation data set. The experimental results show that the processing time of the table detection algorithm system based on Faster—
RCNN is 1.31s, and the recognition accuracy reaches 92.4%.It means that Faster—RCNN can accurately and quickly detect the
existing table in the document.
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Fig. 1 Image contains table
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Fig. 3 Screenshot of Labelme annotation tool
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