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Medical data analysis based on machine learning

LONG Yuefei, LI Zetao
( College of Electrical Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Data analysis can solve the problems of large amount of data and complex data structure, and can accurately analyze a
large amount of medical data. This paper mainly studies the application of decision tree algorithm, random forest algorithm and K-
nearest neighbor algorithm in breast cancer data analysis. Through the establishment of statistical analysis model, verification and
comparison, it is concluded that K- nearest neighbor algorithm is the most suitable algorithm for breast cancer data analysis among
the three algorithms, and the accuracy rate is as high as 99.86%.
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Fig. 1 Schematic diagram of K proximity algorithm
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Fig. 2 K- nearest neighbor algorithm flow chart
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Fig. 3 Classification diagram of decision tree
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Fig. 4 Classification Details of Decision Tree
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Fig. 5 Confusion matrix and misjudgment rate diagram of decision

tree
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Fig. 6 New data prediction diagram of decision tree
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Fig. 7 K- nearest neighbor classification results
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Fig. 8 K- nearest neighbor confusion matrix and misjudgment rate
diagram
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Fig. 9 K- nearest neighbor new data prediction chart
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Fig. 10 Decision diagram of random forest variable number
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