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Image Copy-move Detection Based on MB-LBP and SIFT Feature Matching

HAN Lina, LIANG lJianjuan, LIU Hong, LIU Benyong
(College of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Copy—move tampering is one of the most commonly used methods of digital image tampering. Among the most related
detection methods, the algorithm using SIFT features is usually point—based, and thus it has poor performance when the tampered
area is small. To tackle the problem, in this paper we propose to add MB-LBP texture features to obtain more matching pairs and to
improve the detection and location capability. The experimental results show that the proposed method is feasible for small area

tamper detection and localization.
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Fig. 1 LBP feature extraction algorithm
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Fig. 2 Image car and its LBP feature map
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Fig. 3 The 9x9 and 15x15 MB-LBP feature maps of image car
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Fig. 4 Copy—move detection based on MB—LBP and SIFT feature matching
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Tab. 1 Matching pairs and accuracy of different feature extraction algorithms for tampered images

SIFT LBP+SIFT CLBP+SIFT MB-LBP+SIFT
L

VEEEXS NREES VERC X NS VERCT NRES VE XS NREES

dog 98 100% 156 100% 186 100% 192 100%
zebra 63 100% 117 100% 145(1) 99.31% 169(1) 99.41%

tiger 43 100% 73 100% 96 100% 100( 1) 99%
car 37(1) 97.3% 66(1) 98.48% 89(2) 97.75% 94(1) 98.94%
machine 30(4) 86.67% 36(4) 88.89% 47(4) 91.49% 56(4) 92.86%
tree 9(1) 88.89% 11(1) 88.89% 16(2) 87.5% 26(1) 96.15%
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Fig. 5 Shows the tamper localization results for different algorithms
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