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Power grid data compression based on improved SPTHT method
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[ Abstract] In order to ensure that the grid data can be restored better when the grid data is compressed, this paper introduces an
improved SPIHT compression algorithm based on wavelet transform. The algorithm first rounds up the coefficients after wavelet
transformation, then performs DPCM linear prediction on the low—frequency wavelet coefficients after wavelet transformation, and
finally uses a simple binary tree coding for the high—frequency wavelet coefficients. The experimental results show that the improved
SPIHT algorithm in this paper can improve the data distortion after power grid data compression and restoration to a certain extent,

and is suitable for engineering applications.
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Tab. 1 Peak signal-to—noise ratio (PSNR) of two coding algorithms

PSNR/ dB
Hﬁq’%%/bpp
SPIHT etk SPIHT
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