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Design and implementation of diseases and pests prophylaxis and treatment
system of citrus based on big data and image recognition
LUO Yusheng, RAN Lizheng, ZHANG Xiaorong, WANG Min
(School of computer, Sichuan Technology and Business University, Chengdu 611745, China)

[ Abstract] As the one of world’ s staple fruits, the production of citrus is heavily affected by diseases and pests. The system
adopts the artificial intelligence trained by Yolov4 and Mask—RCNN framework which Realized intelligent identification of citrus
pests and diseases; the system adopts Hadoop to mine and analyze big data witch offers distributed cloud storage management,
Realized warning analyze of diseases and pests outbreak and the solution offers based on big data; And the system realized the visual
presentation of relevant data based on front—end technology. The system can solve the problems includes diseases and pests of citrus
fast recognition, warning analyze of diseases and pests outbreak ,the solution offers and so on. The system can Minimize losses of
growers and it has promoted the developments of informatization and intelligentization of agricultural production at the same time.
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Fig. 1 Overall design of system
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Fig. 2 Overall process business design of system
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Fig. 3 The original image of symptoms
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Fig. 5 Warning analyze of diseases and pests of citrus
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Fig. 6 The visual presentation of diseases and pests of citrus
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