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Research of intelligent pre-consultation system based on weighted knowledge graph
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(School of Medical Instrument and Food, University of Shanghai for Science and Technology, Shanghai 200093, China)

[ Abstract] The increasing demand for medical treatment and the shortage of medical resources not only result in the heavy work
intensity of doctors, but also easily lead to the problems of inadequate communication between doctors and patients and delay of
illness. With the continuous development of artificial intelligence technology, the structured framework of knowledge graph, which
organizes knowledge in the form of triples, has been recognized and applied to the knowledge base in various fields. In this paper,
an intelligent pre —inquiry system based on weighted knowledge graph is designed to improve the efficiency of doctor — patient
communication. Firstly, the knowledge map pattern layer centered on disease is constructed to organize the knowledge of disease and
symptoms, examination and treatment. Secondly, knowledge was extracted from professional books according to the pattern layer,
and then based on XGBoost training classifier and probability statistics, w, and w_, weights of each relationship were obtained, and
all the information was stored in the Neo4j graph database.

Finally, the total weight W was calculated according to w,, . , and node entry degree, and the inquiry model was designed to

complete the pre—inquiry system.
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Fig. 1 Structure diagram of model layer
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Tab. 1 Characteristic importance score from XGBoost

Feature Score
Family_ diabetes 0.219
Sex 0.152
BMI 0.123
Age 0.112
T 0.096
SBP 0.082
p 0.080
Complaint_ hyperglycemia 0.047
Complaint_ xerostomia 0.038
Past_ hypertension 0.031
DBP 0.011
R 0.007 2
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Fig. 3 System architecture diagram
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Tab. 2 Comparison of experimental results
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