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Research on Korean Chinese noun phrase alignment method
integrating bilingual word vector
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[ Abstract] Aiming at the problem that traditional phrase alignment methods rely on external resources and rarely involve the
internal characteristics of parallel sentences, a Korean—Chinese noun phrase alignment method integrating bilingual word vector is
proposed. After training monolingual word vectors with parallel corpus, bilingual word vectors are obtained by cross language
mapping, and a phrase alignment model based on phrase composition rule is constructed, which integrates bilingual word vectors,
phrase length and part of speech similarity. Experiments on Korean—Chinese parallel corpus in the field of politics and diplomacy show
that phrase features can be extracted more effectively and phrase alignment can be realized by integrating Korean—Chinese bilingual

word vector.
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Tab. 1 Correspondence between Korean and Chinese tags
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Tab. 2 Korean noun phrase formation patterns and some examples
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Tab. 3 Chinese noun formation patterns and some examples
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Fig. 1 Bilingual word vector dimensionality reduction and mapping

to the same vector space
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Fig. 2 Vector training process of Korean Chinese bilingual words
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Fig. 4 Features related to aligned and non—-aligned phrases
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Fig. 3 Korean Chinese phrase alignment model with bilingual word vector
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Tab. 5 Example of matching the phrase China’s economy
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Tab. 6 Comparative experimental study on integrated word vector
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