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Urban floating population prediction with PDTR model

WU Yu, SUN Hongyu, SUN Mingchen, WANG Hongjun

(College of Computer Science, Jilin Normal University, Siping Jilin 136000, China)
[ Abstract] At present, all the populous countries are faced with severe population problems, and population flow prediction has
become an important issue in their development process. Therefore, it is of great significance to accurately predict the urban floating
population in China. In this paper, a model combining principal component analysis (PCA) with Decision Tree is used to predict the

situation of floating population in China. Experiments show that the PDTR model used in this paper has a good prediction accuracy.
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Fig. 1 The number of net population flow by province in 2013-2017
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Fig. 2 Natural growth rates for each province(2013~2017)
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Fig. 3 Overall design scheme flow char of PDTR model
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Fig. 4 Change of the mean annual square error in 2016
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Fig. 5 Change of the mean annual square error in 2016
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Fig. 6 Comparison chart of the data in 2014
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Fig. 8 Comparison chart of the data in 2016
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Fig. 9 Comparison chart of the data in 2017
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