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Multi-field feature synthesis in smart database system
ZHANG Xiangxi, WANG Hongzhi
(Massive Data Computing Research Center, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] In the prediction task of a smart database system, the vector representation of a query often requires a combination of
features from multiple fields to achieve better results. Aiming at the problem of representation and synthesis of multi — domain
features, this paper uses the theory and technology of deep neural networks to design a quantitative representation scheme for domain
features such as semantics and structure, and proposes three kinds of multi —domain synthesis, i.e. weight —based synthesis,
perceptron synthesis, and jump line synthesis. Experimental results on a large amount of real data show that the proposed multi—
domain feature representation and synthesis method can effectively extract and transform multi-domain query-related features which

has a good convergence effect and can provide query vectors for other prediction tasks of smart database systems.
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Fig. 1 Convergence curves of all models
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Fig. 2 Tail part illustration of convergence curves
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Fig. 3 Head part illustration of convergence curves
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