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Prediction of consumer confidence index based on Lasso regression and SVR model

GU Yanwen, LIU Yuanhua
(Business School of University of Shanghai for Science and Technology, Shanghai 200093, China)

[ Abstract] Consumer confidence index is an important indicator reflecting consumer consumption trends. In order to grasp the
development trend of the consumer confidence index, the paper predicts the consumer confidence index. First, keywords related to
the consumer confidence index are constructed as its impact indicators. Secondly, Baidu index data from 2011 to 2019 is collected
and methods such as Lasso regression are used to filter the variables. Finally, the an SVR model is used to predict the index and the
comparison is conducted about the prediction effect of the SVR model when using different kernel functions. The results show that
the SVR model has the best predictive effect when using the Gaussian kernel function, and can better predict the consumer

confidence index, thereby providing a reference for the formulation of policies by relevant departments.
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Fig. 1 Thoughts on constructing consumer confidence index

forecast model
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Fig. 2 Relation between A and regression coefficient
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Fig. 3 Comparison of real and predicted values of different kernel
functions
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Tab. 4 Forecast results of different kernel functions
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