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Research on license plate detection and recognition algorithm
ZHENG Lin, WANG Fulong
(School of Applied mathematics Academy, Guangdong University of Technology, Guangzhou 510520, China)

[ Abstract] License plate recognition technology is an important part of intelligent transportation. It is a kind of image processing
technology that uses license plate to identify vehicles. Based on the actual situation, this paper analyzes the research difficulties of
license plate recognition technology, discusses the common research methods, and analyzes the research results and limitations of
license plate recognition algorithm. By reviewing the relevant literature at home and abroad in recent years, focusing on the different
license plate detection and recognition algorithms in recent years, the advantages and disadvantages of the research algorithms are

discussed, and the future development trend is prospected.
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Fig. 1 Recognition flow chart based on segmentation
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Fig. 2 Recognition flow chart without segmentation
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Tab. 3 Comparison of pattern recognition algorithms
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