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Academic papers recommendation integrating knowledge graph and deep learning
WU Shuzhan
(School of Mathematics and Statistics, Hubei Engineering University, Xiaogan Hubei 432000, China)

[ Abstract] Due to the poor recommendation effect of traditional academic papers recommendation methods, the recommendation
results can not meet the retrieval needs of users. In the research, knowledge graph and deep learning algorithm are integrated to
realize the optimization design of academic papers recommendation methods. The data of academic papers is collected and the
corresponding knowledge map is constructed. Users’ behavior preferences and retrieval requirements are also analyzed. Furtherly, the
feature of academic papers resources is extracted, and the classification of academic papers is realized by deep learning algorithm.
Therefore, academic papers recommendation is realized by constructing query vector, measuring similarity and generating resource
recommendation list. Through experimental comparison, it is concluded that the recall rate of the designed recommendation method

is increased by 4.53% , and the hit rate of the recommendation result is obviously improved.
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Fig. 1 Academic papers knowledge graph construction flow chart
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Fig. 2 Schematic diagram of recurrent neural network learning
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Tab. 1 Experimental environment parameters configuration table

B AR T AR BAERSE
AL CPU :Intel 5% m3-7Y30,1.00 GHz Python 3.5.2 Windows XP 64 {3
NAF:4 GB Anaconda 5.0.0
R 55 #% CPU ; Intel [i%% i7-6700HQ 260 GHz Python 3.5.2 Ubuntu  16.04 LTS
HFF:16 GB Anaconda 5.0.0
GPU:NVIDIA GeForce GTX 960 M BRI MySQL
172 GB Community ~ Server 5.7.25
F2 FREXHEHE
Tab. 2 Academic papers data samples
PREATY  hIOSOMARE  SIRIEREMEARCE  WRMEERCE  #hiesclue SIHXER . BRI LB e
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Fig. 3 Thesis data samples upload interface
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Fig. 4 Academic papers recommendation page
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Tab. 3 Academic papers recommendation recall test results

PP ARG 1]

gk WBUERE P mE EMR Gl B
W MR AEE fEE E

i R, 1740 1854 2903 2815 2274
g R,NR, 1146 1323 2164 2271 1985

Tk R, 1359 1404 2518 2405 2007

SCHRL9] R, 1740 1854 2903 2815 2274
Pl R, NR, 1201 1377 2384 2391 2003
FEYIRS R, 1382 1459 2577 2515 2064
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Fig. 5 Recommendation results hit rate comparison curve
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