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Exploring the application of federated learning on predicting passenger throughput
LIN Ziqgian, An Yizhi, FAN Chongjun
(Business School, University of Shanghai for Science and Technology, Shanghai 200093, China)
[ Abstract] The air passenger travel situation is of great importance to the construction and operation of civil airports. This paper
proposes a method for predicting passenger throughput based on federal learning. The airport data involved in the training are

preprocessed and normalized, and then trained using a logistic regression model, while homomorphic encryption is used to ensure the
privacy of the model, finally a model with strong generalization capability is trained through a server party. In addition, this paper

also uses real airport throughput data to demonstrate the feasibility and effectiveness of the model.
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Fig. 1 Federated learning framework of the airport
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Fig. 2 Comparison between real data and predictions of logistic
regression for airport A
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Fig. 3 Comparison between real data and predictions of federated

learning for airport A
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Tab. 1 Comparison table of MAPE between logistic regression and

federated learning regression
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Fig. 4 Comparison between real data and predictions of logistic
regression for airport B
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Fig. 5 Comparison of real data and predictions of federated

learning for airport B
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