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Multi-person Attitude Estimation Algorithm
Based on Regression Joint Offset and Thermal Diagram

FAN Dongyan, WANG Qian
( School of Electronic and Electrical Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] In order to solve the problem of joint misjudgment and limited accuracy, joint coordinates are mostly regressed or
classified to predict joint thermal diagram. For multi—person analysis, the traditional method matches joint points from all candidate
joint points, which easily leads to the wrong connection. A multi—person attitude estimation algorithm based on regression joint
offset and thermal diagram is proposed. The algorithm is mainly composed of the following two stages: the first stage is composed of
encoder layers. For joint point detection, it classifies and predicts the joint point thermal diagram and regression coordinate 2—-D
offset vector at the same time and accurately locates the joint point position. For joint point association, it uses the component
association field, and has the ability to store fine—grained information on the low—resolution activation map. In the decoder layer of
the second stage, Hopcroft—Carp algorithm is used to analyze the human posture. Hopcroft—Carp algorithm transforms a K-map
matching problem into a bipartite matching, which can greatly improve the accuracy and reduce the time complexity.
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Fig. 1 Model Architecture
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Fig. 2 Heatmap and offset fusion diagram
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Fig. 3 Comparison between K—Score and bipartite matching
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