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Multi-target tracking based on depth learning and anti occlusion
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[ Abstract] Multiple moving object tracking is a difficult point in computer vision research, which is more challenging. At present
single moving object tracking is more studied. In contrast, multiple moving object tracking is more difficult. Multi—target tracking
will cause tracking drift due to mutual occlusion between moving objects, and eventually cannot complete target tracking. Because
deep learning Network model has made great achievements in tracking single moving object, this paper applies deep learning
framework to multi—target tracking and proposes a multi—target tracking algorithm based on deep learning and anti occlusion, which
is applied to multi—target tracking scene of intelligent transportation video. The experimental results show that the multi-target
tracking algorithm based on deep learning anti occlusion can achieve better performance. The problem of tracking drift is solved and

the accuracy of multi—target tracking is improved.
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Fig. 1 Principle of multi—target tracking
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Fig. 2 Flow chart of multi—target tracking
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Fig. 3 Multi—target tracking result 1
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Fig. 4 Multi—target tracking result 2
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Fig. 5 Multi—target tracking result 3
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