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Sea grass recognition in Bohai Sea based on perception network
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[ Abstract] The detection and identification of seaweed is of great significance in the fields of marine resources research, marine
science popularization, marine products processing, intangible cultural heritage protection and so on. In order to ensure the effective
classification and recognition of seagrass resources in the Bohai Sea area, based on keras framework and the inception V3 network
model, this paper uses feature fusion to optimize the classification to effectively identify the ten precious seagrass resources in the
Bohai Sea area. The results show that the accuracy reaches 93.53%.
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Fig. 1 Structure of incetption V3
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Fig. 2 Technical scheme of seagrass identification
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Tab. 1 Configuration of experimental development platform
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Fig. 3 Ten types of seaweed samples from the collection
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Fig. 4 Accuracy curve of the model



