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Design of visual behavior analysis system for college students based on TensorFlow
ZHOU Rui, BAO Peize, KONG Qin, WAN Kai
(School of Information Science and Engineering, Nanjing University Jinling Conlleng, Nanjing 210089, China)

[ Abstract] At present, the information work of the business process of the university management system is relatively perfect, but
the collection, management and analysis of students” life and learning information need to take a lot of time and energy of schools,
teachers and students, and the involved links are tedious and time—consuming. At the same time, there is a lot of useless information
occupying resources and some effective information has not been fully utilized. In order to promote the development of educational
informatization in colleges and universities, the visualized behavior analysis system of college students based on tensorflow
framework can meet this demand and solve related problems to a certain extent. Its purpose is to use machine learning algorithm to
study and analyze students” data, and to provide guidance for students” self—improvement and teachers” improvement of education
methods. Through the machine learning training of the questionnaire data of the students in our school and use of the Random Forest

algorithm, the prediction accuracy can reach more than 90% , which has practical value.
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Tab. 1 Data Set Capture of Performance Point Influencing Factors
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Fig. 1 System Login Interface
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Fig. 3 Data visualization function module
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Fig. 5  Schematic diagram of overall function structure of the
system
JHPHi
He— i
yRe e sE
" I3
et el B
SHRE BN RFELOIEE
PR . AN NT
HORSE Hre WRERL s
B g
Bl HRAEAE
Ry
e Pz 2T

6 HIESHERBIERTEE

Fig. 6 Dataflow chart of data analysis module
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Tab. 2 Activationfunctions—layer depths—accuracy test results
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Tab. 3 Layerdepths—acc/time—iterations test results
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Tab. 4 Relationship between layer depths of neural network and

the number of iterations needed
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B ASE 17 SEINAN 6 1 dndl, At
30 B SR T] 2 B sk 172 AR N A B HL T AT AT
TFEIE T, BRfc 1 OGH] HIE R ARBL S, b6,
Wl 9 AFRATIF HAE W B AL T, gk @, anfsl 10,
OO RIEZS, 1,

B9 BRIk

Fig. 9 Closed screen door

10 R 1HE
Fig. 10 Open screen door

B 11 FE# TR ERES
Fig. 11 Intermediate status of screen door
4 ZRiE
LRER SRRy P S AT L AV KT

0 ]I 5 5 LAY R A B s iz B LA K
@2 R G, KRR A TN LS, &
SCHULTE R AR 2l ) Bty BRI TR B A& B &R
et LR 20, 8 Bk At g 1 S 2 R
SHRMZ R, B ERIARTE, Z8 R GA T
BORSEE BB, 05 [ bR SEE S AT A7 7 — 2 1Y
2200 BEAE B BN WE A | T B A2 ) A
B et 2 oAk, 2B R g R Ak
A SEBATI )Y AL A P IR T R
S 3k
[1] B = BRI R AT BB S 5 R R T]

FHERIHE 51 ,2016(34) :250.
[2] B, RGN RERES[T] R4 ,2013(5) : 12-13.
[3] At WS msmk i AL ZZ M2 R TAE[N]. NRAZR,

2014—08—26(1).
[4] #hEEE. PUESCELG LR R RHHT[I]). P EFHER,

2018,20(12) :155-156.

[5] &R s EERECBZ RENHTET]. B TFHERYE
AT, 2019(6) :190-191.



