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Overview of monocular 3D reconstruction techniques

BAO Xiaomin, BAI Chen
(Zhejiang Sci—Tech University, Hangzhou 310018, China)

[ Abstract] In the field of computer vision, three—dimensional reconstruction mainly refers to restoring the three —dimensional
structure of objects from two—dimensional images. This paper mainly introduces the technique of monocular 3D reconstruction, that
is, using the image produced by a single camera, looking for the corresponding features of the image, modeling based on the
changes of these features, and reversely deducing the 3D information of the object. In this paper, the typical monocular 3D
reconstruction algorithms including light and shade method, photometric stereo method, contour method, etc. are mainly used to
show the modeling problems of corresponding features, and the application and shortcomings of these algorithms are introduced.
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