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[ Abstract] Moving target detection and tracking is an important part of intelligent transportation, intelligent monitoring and other
fields. Especially the detection and tracking of pedestrians and vehicles are of great significance for pedestrian traffic safety and traffic
monitoring. Due to the difficulty of multi —target detection and tracking in complex traffic scenes, the target features designed
manually cannot meet the requirements of complex multi—target detection and tracking. Therefore, this paper proposes a multi—target
detection and tracking algorithm based on stack de—noising self—encoder depth learning framework. Using the massive picture data
set to train the depth learning model to extract the depth feature of the target, which is used in the multi-target detection and
tracking. The experimental results show that the multi—target detection and tracking algorithm based on the stack de—noising self—
encoder depth learning framework improves the accuracy of the multi—target detection and achieves a more robust multi - target
tracking effect.
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Fig. 1 SDAE network model structure
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Fig. 2 Flow chart of multi—target detection
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Fig. 3 Flow chart of multi—target tracking
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Fig. 4 Multi target detection and tracking result 1
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Fig. 5 Multi target detection and tracking result 2
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Fig. 6 Multi target detection and tracking result 3
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