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Generation Model of Cross-lingual Sentence Embedding
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[ Abstract] Nowadays excellent NLP system model relies on labeled data to learn complex models, which are usually trained on a
single corpus, but cannot be directly used in other languages. Because it is unrealistic to collect the training data on each kind of
corpus, we want to carry out the transfer learning between low resource corpus in a cross—lingual way, so that we can carry out the
cross—lingual task under the condition of unsupervised learning. Here we generate sentence embedding, and use the downstream
classification task to check the quality of it. Based on this, this paper proposes a cross—lingual sentence embedding generation
model, and introduces named entity recognition and semantic alignment using parallel corpus. The experimental data is XNLI data
set, which is also commonly used in cross language tasks. In the multi task learning model, compared with the baseline model, the
effect on the XNLI data set is significantly improved.
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Fig. 1 Model of cross—lingual sentence embedding
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Tab. 1 Experiment of SNLI
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BiLSTM + Mean pooling 81.9
CNN 83.0

Inner Attention 71.9
BiLSTM+Max pooling 84.2
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Tab. 2 Result of XNLI
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Tab. 3 Result of XNLI

Result of XNLI J7#: Acc
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Tab. 4 Result of Multi—task learning

Epoch F En Fr
1 46.21 87.65 71.75
2 50.05 91.21 75.76
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5 52.03 91.6 76.92
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Tab. 2 Driver License Recognition Accuracy
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