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SSA algorithm with whale bubble net mechanism
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[ Abstract] Aiming at the problems that the basic Sparrow Search Algorithm (SSA) is in the iterative optimization process, the
population diversity is reduced, and it is easy to fall into local extremum. An improved Sparrow Search Algorithm ( WSSA) is
proposed. Firstly, the population is initialized based on the Tent chaotic mapping strategy to improve the quality of the initial
solution; secondly, combined with the whale bubble net predation mathematical model in the whale optimization algorithm
(WOA) , the position update strategy of the discoverer is improved, and the global search of the algorithm is enhanced; then, The
adaptive ¢ distribution variation is used to improve the algorithm’s ability to jump out of the local optimum. Finally, in the simulation
experiment, the results show that the improved sparrow search algorithm has better convergence and solution accuracy.
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Tab. 2 Test function optimization results
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Std 1.480 1E-9 4.589 5E-49 1.426 6E-106 4.465 7TE-118 0
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Std 0.540 8 0.002 3 0 0 0
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