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Stock price prediction method based on LSTM and news sentiment
XU Li, ZHANG Li, LI Guicheng, XIAO Yifan, CHEN Limian, TANG Yan
(College of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Research on stock forecasting is of great significance to economic development, as well as a difficult problem for
investors. This paper proposes a combination optimization model SVM_LSTM based on LSTM and sentiment analysis of news stock.
Firstly, XGBoost and LSTM optimized by cross validation are applied to predict the daily closing prices of Bank of China, China
Unicom and Shanghai Pudong Development Bank. By comparing the performance of the both, the better LSTM is selected to make
the final time series prediction of the historical stock prices of Bank of China. Then, SVM is used to predict the emotional tendency
of Bank of China’s stock news. Finally, the prediction results of SVM and LSTM are fused by weighted method. The experimental
results show that:. firstly, the optimized LSTM with cross validation has better evaluation index than XGBoost. Compared with
XGBoost, the RSEM, MAE and MSE of The Bank of China data set are reduced by 0.234, 0.173 and 0.011, respectively. Secondly,
the prediction results of SVM _ LSTM are reconciled by weighted method. Compared with the original LSTM, the
experimental results show that the evaluation indices, such as RSEM, MAE and MSE are reduced by 7.5%, 6.4% and 10.8%
respectively.
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