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[ Abstract] The traditional big data classification model and algorithm have the defect of long processing time, so the research on
big data classification model and algorithm for MapReduce is carried out. Construct big data classification model, mine effective data
points, arrange data combination mode, divide data local connection mode, obtain local node micro — cluster data, calculate
redundant data and invalid data increment in node data set, reconstruct central node sample algorithm, adjust integrated data
classification strategy, optimize and update data integration classification mode. Design the experiment, simulate the experimental
environment, and verify that the proposed model calculation method can shorten the data processing time in practical application,

which has practical research value.
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Fig. 1 MapReduce—oriented big data classification model
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Tab. 1 Comparison of integrated classification algorithms
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Tab. 2 Selection of simulation experiment data
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Fig. 2 Experimental results
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