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[ Abstract] The allocation of teacher attention affects the effect of classroom teaching. In order to detect and analyze the direction
of teachers” attention in classroom teaching, this paper, based on the deep learning YOLOv3 algorithm, uses classroom video
recording to conduct an experiment of teachers” attention recognition. The results show that this recognition method has high accuracy
and feasibility, can accurately feedback the attention direction of teachers in class, and analyze the change trend of teachers” attention

in each class.
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Fig. 1 YOLOV3 network structure
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Fig. 2 Flow chart of teacher’s attention detection
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Tab. 1 Teacher attention distribution code table
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Fig. 3 Example of teacher attention detection results
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Tab. 2 Comparison of detection effects of different categories

(D

HENLEL P R F Ol (ms - 1)
W% 9445 8831 91.27 38.92
BIREAA 9146 8473 87.98 38.46
SAENTRRRA 90.14 8297 86.41 36.64
FAEZGSIEN 9322 86.86  89.93 36.26
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