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Abstractive Summarization Based on Global Features of Encoding
SONG Zhixun, ZHAO Tiejun
( School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150000, China)

[ Abstract] Nowadays sequence to sequence model based on attention mechanism is usually used in abstractive summarization.
However, this method only makes the decoder focus on the semantic information of important words in original text, without further
filtering the semantic information of words. In this paper, we find that the hidden state semantic information output by encoder is full
of noise, and the decoder should judge the semantic information of each dimension and choose more influential semantic features for
summary. In view of this, we propose an abstractive summarization method based on global features of encoding, and construct a
selective gating unit using global encoding information to deal with noisy encoder output. The results show that our model achieves
the best results on TTNews. The ablation study confirms the effectiveness of our model components.
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Fig. 1 Overview of abstractive summarization model based on global features of encoding
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Tab. 1 Evaluation results on TTNews data set
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Tab. 2 Results of ablation studies
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