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An Asymptotic Learning Algorithm for Key Trading Points
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[ Abstract] Trading at the key points of financial time series is an effective way to obtain high returns at low risk. Firstly, a

partition algorithm is designed to segment subsequences in the context from the given time series and automatically detect trading key

points. Secondly, the asymptotic learning algorithm AL is arranged to learn the asymptotical convergence and in the subsequence and

make trading decisions. Through the trading algorithm, it is verified that the algorithm AL is superior to the existing algorithms in

terms of such indicators as RoR and MDD in various market situations.
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