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Improved PDR and PSO-BP-based fusion indoor location algorithm
CAI Wenyan, HE Yang
(School of Electronic and Electrical Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] Aiming at the current application status of indoor positioning algorithm with low precision, a ranging method based on
received signal strength indicator (RSSI) and an indoor positioning algorithm modified to perform human track derivation ( PDR)
fusion are proposed. Based on Wi-Fi wireless signals that are widely deployed in modern living environments as nodes, the method
of matching and identifying electromagnetic fingerprints is used to locate unknown nodes within the scope of the network, and PSO
—-BP neural network algorithm is used to fuse INS measurements unit’s data pair, which is corrected by the RSSI positioning result.
The experimental simulation shows that compared with the traditional single method indoor positioning method, the proposed method
not only solves the oscillating problem that RSSI positioning is susceptible to environmental influences, but also improves the indoor
positioning accuracy and timeliness to a large extent.
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