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Image description algorithm based on improved attention mechanism
ZHOU Yuhui, HE Zhigin
(School of Electrical Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Image description task uses machine to automatically generate the description of the image according to the input
image, which belongs to the intersection of computer vision and natural language processing. In order to solve the problems of
traditional attention mechanism, such as insufficient feature extraction ability, complex model and difficult training, this paper
proposes an improved image description model of attention mechanism. Based on the traditional attention mechanism, the efficient
channel attention module is introduced to improve the feature extraction effect while reducing the model complexity, improve the
model efficiency and ensuring the performance results, better extraction of the features of important parts of the image and more
accurate generation of natural language description. The model is validated on MSCOCO data set. Experimental results show that
compared with the traditional attention mechanism, the model has a significant improvement in the accuracy of description
generation, with an improvement of 0.2% in BleU-1, 0.3% in BleU-3 and 0.6% in BLEU-4, respectively.
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Fig. 1 Recurrent neural network architecture
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Fig. 2 Overall model architecture
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