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A survey on photovoltaic array fault diagnosis algorithms
ZHANG Xikang, LI Zetao
( College of Electrical Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] Fast and accurate fault diagnosis of photovoltaic array is essential for ensuring the safe and stable operation of
photovoltaic system. Combined with the research results at home and abroad, this paper analyzes the main types and causes of
photovoltaic array faults, expounds the photovoltaic array fault diagnosis from two aspects of traditional diagnosis methods and
intelligent algorithms, and analyzes the principles, advantages and disadvantages of various algorithms. Combined with the current

research results, the fault diagnosis methods of photovoltaic arrays in the future are prospected.
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Fig. 1 TCT structure diagram
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Fig. 4 Flow chart of FCM algorithm
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