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[ Abstract] In recent years, many reinforcement learning model has achieved promising performance. However, most of them still
require a large number of training data. Otherwise, problems such as cold starting or over—fitting are easily to occur. To solve these
problems, this paper proposed a more stable and effective action strategy designed for the air combat environment. Self-attention
mechanism is combined in this model, and population—based learning are adaptively designed. The model proposed in this paper has
achieved great performance in the unfinished 2021 First National Aerial Intelligence Game Contest by getting in the top 16 among
more than a hundred teams. Besides, the experiments in this paper also demonstrate the superiority in convergence speed and final

performance.
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