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Research on multi-view gait recognition method based on joint loss functions
ZHAO Jiaxin, ZHANG Yali, SHI Xinkai, LI Yujin
(Information Technology & Network Security Institute, People’s Public Security University of China, Beijing 100038, China)

[ Abstract] Video investigation technology has gradually become an important means of investigating and handling cases, and gait
recognition technology has a good application prospect in video investigation work; Under the normal walking conditions of the
CASIA-B public dataset, the correct of cross—view gait recognition has reached 95% at this stage, but the recognition correct is not
satisfactory under occluded walking conditions such as wearing a coat and carrying a package. By using the method of combining the
two loss functions of Triplet and Softmax, and jointly optimizing the gait model, the final training can be more effective. The results
of the study show that, without affecting the recognition correct of normal walking conditions, the correct of gait recognition in the
conditions of wearing a coat and walking with a package has been improved to a certain extent, increasing by 4.7% and 3%
respectively. The research results can provide auxiliary technical support for video target recognition and tracking.
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Fig. 1 A cycle of gait silhouette
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Tab. 1 Comparison of experimental results of gait recognition under multiple viewing angles
Gallery NM#1-4 0°-180°
mean
probe 0 18 36 54 72 90 108 126 144 162 180
LT(74) NM#5-6 CNN-LB 87.7 92.0 953 942 899 86.5 902 950 965 929 8.9 91.2
GaitSet  90.8 97.9 994 969 93.6 91.7 950 97.8 989 96.8 858 950
ours 89.7 979 99.1 974 934 923 952 981 982 98.1 88.0 952
BG#1-2 CNN-LB 642 80.6 827 769 648 63.1 68.0 769 822 754 613 724
GaitSet  83.8 91.2 91.8 88.8 833 810 84.1 90.0 922 944 79.0 87.2
ours 85.0 945 933 91.8 883 844 897 919 949 945 844 902
CL#1-2 CNN-LB 37.7 572 66.6 61.1 552 546 552 59.1 589 488 394 54.0
GaitSet  61.4 754 80.7 773 72.1 70.1 71.5 735 735 684 50.0 70.4
ours 67.5 804 82.1 77.7 755 703 748 772 80.0 773 633 75.1
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