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A review of remote sensing image segmentation methods based on neural network

DING Tingting, YU Xiaopeng, LI Ziwei
(College of Computer Science, Jilin Normal University, Siping 136000, Jilin, China)

[ Abstract] For remote sensing research issues of the current image segmentation, target segmentation is accurate measure
algorithm is of good standard in recent years. Machine learning applies to more and more fields, and the neural network has been
widely used in the field of remote sensing image segmentation. Several neural network algorithms in the application of remote sensing
image segmentation problem are introduced. According to several typical neural network on the remote sensing image segmentation

problem of current research status, the development trend of the neural network on this issue is simply analyses.
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Fig. 1 Neuronal mathematical model
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Fig. 2 The expression form of neural network of perceptron
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