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A text rectificationmethod based on optical flow field prediction

ZHANG Wengiang, ZHANG Yabo, ZUO Wangmeng
(School of Computer Science and Technology, Harbin Institute ofTechnology, Harbin 150001, China)

[ Abstract] Scene Text Recognition (STR) aims to recognize the text information from natural images into computer—processable
character sequences, whose challenge comes from handling the irregular —shaped scene text. To this end, current works usually
decouple it into two subtasks: text rectification and sequence recognition, where the former warps the irregular text line features into
canonical form which fed into the subsequent sequence recognition module. Due to the lack of annotation, most text rectification
methods heavily rely on the Spatial Transformer Network ( STN) and the weakly —supervised training, which require delicate
parameter initialization and end-to—end optimization to converge. We noticed that scene text usually satisfy certain geometric prior
constraints and propose an optical flow network, which can generate the optical flow field used for text rectification. The extensive
experiments have been conducted on several real scene text recognition datasets, and the results indicate that our text recognition
system has an improved accuracy than the traditional STN—-based system, which should be attributed to the effectiveness of our text
rectification method based on optical flow prediction.
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Fig. 1 The text rectification module based on STN network
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Fig. 2 Schematic diagram of the text line geometry definition
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Fig. 3 Schematic diagram of text rectification based on optical flow
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Tab. 1 Comparison of accuracy with other STN—based rectification
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Tab. 2 Recognition accuracies with and without geometric prior

constraints
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Fig. 5 The visualization results of our text rectification method
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