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A method of identifying the style demarcation point of
A Dream of Red Mansions based on deep learning
ZHU Dongxu, YAN Guangle
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[ Abstract] Aiming at the problems of manual design features in traditional A Dream of the Red Mansions text style analysis with
subjective issues and directly judging the position of the style demarcation point based on the difference between the single
demarcation point before and after, this paper proposes a text demarcation point recognition method based on deep learning and a text
classification model 1-DconvLSTM. First, the method trains multiple 1-DconvLSTM models with the same structure independently
at different training cut-off points, and then tests the generalization performance of these models to obtain the magnitude of the
significant difference between the different training cut—off points. Based on this, the actual demarcation position of the text style is
determined. The results of the experiments show that the text style demarcation point of A Dream of the Red Mansions is at 80
chapters, which strongly supports the conclusion that A Dream of the Red Mansions is not written by the same author around 80
chapters.
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Fig. 7 Training situation of models with different word embedding dimensions
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