®10%E £8H 2 B8 it E M5 M A
Vol.10 No.8

2020 &£ 8 A

Intelligent Computer and Applications Aug. 2020

XEHS: 2095-2163(2020)08-0010-05 HhESES: TP391.1

BT R 22 X 4% Y TS 8] = A R B AR 4R b

AT, HW
(WAREE T FHRBURL A S HR B, /KT 150001)

SERAR SRS A

W OE: MMAREAOREBTERES G —F HEFRZBTHRARG T ZEMN, ZES0 B AFEEL TN A
HF,ER—AXTEZMANGERGFM, FAAERAREBERAGT Fl o EERT HENERTRPALRAATE, L5
KA TREANZE WL T EAE LR A REARERT A TEBRGERT X, TR ERRETHAE B BAER LA LR
o AXANBT AR TIREADZ P KR A RBE ARG 7 A B ASMG BT ILK ML T B 3T AE 50948 % 3
Yol FaF AP R BAT T 4% R T HAITAY 22 W 204 SR 1P A & 8, L T Transformer # UK 8] 20 £ % Fo 2k F U0 4R B AR
TR A R, R, &4 T ST ZAES @l 0 X Ao xe &,

KHER: AREZTER; AWEML,; FAMAR

Research on text question generation
based on deep neural networks: a literature review
ZHOU Qingyu, ZHOU Ming
( School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] As one of the natural language generation tasks, question generation has been a research trend in recent years. The goal
of this task is to generate a reasonable text question given a specific input text. There are many application scenarios for this task,
such as online education, search engine promotion, question answering, etc. In recent years, language generation has evolved to a
new era from template—based method to neural-network-based method. In this paper, we introduce the current research progress of

text question generation based on deep neural networks, including datasets and models. The current methods can be summarized to
three categories: RNN-based method, Transformer—based method and pre—training—based method. Finally, we introduce the current

challenges and difficulties for question generation task.
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Tab. 1 Statistics of text question generation datasets
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Fig. 1  Answer —aware question generation based on recurrent

neural networks
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