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Traffic flow prediction method
based on K-Means clustering algorithm and radial basis function

ZHANG Tianyi, SUN Yiran, LIU Fanqi, LIANG Yueqi, LIN Yongjie, MA Minghui
('School of Mechanical and Automobile Engineering, Shanghai University of Engineering Science, Shanghai 201600, China)

[ Abstract] With the increase of car ownership, the problem of transportation network is more and more serious. For urban traffic
flow prediction problem at this stage, in the analysis of road traffic flow and average velocity of periodic fluctuation and the change
trend, a traffic flow prediction model based on multidimensional time series it introduced with the fusion of k—means Clustering
Algorithm ( K Means Clustering Algorithm) and RBF neural network Algorithm. The experimental results show that the model
prediction fits the actual traffic flow data well, where the accuracy is 96.7%. The model is of great significance for improving traftic

control effect in theoretical research and practical application.
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Tab. 1 Partial traffic flow data

Fisf ] AL AL/ veh ] AL i 4/ veh
9:00-9:10 138 9:50-10:00 142
9:10-9:20 141 10:00-10:10 171
9:20-9:30 162 10:10-10:20 165
9:30-9:40 153 10:20-10:30 159
9:40-9:50 146 10:30-10:40 148
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Fig. 3 Original forecast results
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